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Adaptive Model Rule for Multilabel Streaming Data (AMLSD)
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The main challenge with processing multilabel streaming data (MLSD) is implementing a stable and
adaptive model; a model could deal with all the challenges, issues and unique features such model may
have. An adaptive model rule was implemented in this study to process the multilabel streaming data
(MLSD), the model integrated of multi-phases work together to process the MLSD with stability and
adaptive manner. Adaptive Model Rule model is implemented in this study to process the MLSD. The
main component of AMLSD is the aggregator. The aggregator would hold the main functionalities of the
AMLSD model such as the testing and learning processes. AMRule is one of used functions which aim to
minimize the training time by collected the predicted rules over the training instances in the rule set
(RS). Another important part is the page-Hinkely (PH) test which work after the AMRule to detect the
outliers of statistics and heuristically values of the current sketch of instances, a decision of expanding
the RS or not would be execute according to the PH test. The AMLSD performance behaviour is evaluate
and test over various setting and parameters in term of comparative statements with other scenarios.
These comparative statements are illustrated though a multi-comparative statement using different
performance metrics to determine the benefits of using the AMLSD with the multilabel streaming data
(MLSD).



